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Skewed object popularity ⇒ variable per-node demand 

Multiple co-located tenants ⇒ resource contention
Distributed system ⇒ distributed resource allocation

1kBGET 10BGET 1kBSET 10BSET
(small reads)(large reads) (large writes) (small writes)

Disparate workloads ⇒ different bottleneck resources

Predictable Performance is Hard
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Pisces Provides Weighted Fair-shares
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Multiple co-located tenants ⇒ resource contention
Distributed system ⇒ distributed resource allocation
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•Pisces
- Per-tenant max-min fair shares of system-wide resources     

~ min guarantees, high utilization

- Arbitrary object popularity

- Different resource bottlenecks

•Amazon DynamoDB
- Per-tenant provisioned rates 

~ rate limited, non-work conserving

- Uniform object popularity

- Single resource (1kB requests)
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Conclusion

•Pisces Contributions
- Per-tenant weighted max-min fair shares of system-wide 

resources w/ high utilization

- Arbitrary object distributions 

- Different resource bottlenecks

- Novel decomposition into 4 complementary mechanisms
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